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MEMBFIBARGEREE, AARKRBZHEBGRAIN, ATALEY
A (Al) WIAT B R T MBEREAAFT TL OB SHIE, A F KRR A T BB R
BPIB L B, LF R, FARMNAIAF L O A — AT KK, A5 AA
LA m IS HALA, BSEAT BLAR N B KA S P —— A ik 69 A Sk e A
LT I E B R, *HIUA AL A $Lik Tak AT A IR 5 AT, B kmE, Al
AT BB RT, T2 ATEARRE A, WA AL FZRSAR, BIEAF
IENEREA AR Z T MBI R WAL, AT NFER
7 B ATIR G B R R BB R, A

FWRAMEA ATAFTHRABMRRG| . BBV IFE@FHHm, ATHW ALA

o

12523
AT Bk R EERIGET 5 BT,

B Fe RN ARET AL AT TET R
KRR ERAER, § AR Al AT AR R G ENE IR, F 440008 Al

KR ATHE; ATHEE; @K ASTRER

AABER R B i A A iR B Sk ik,

o SO A N A LA S0 58 S I
PR, — BRI S TR DU (Ryan & Polyhart, 2014; McCar-

thy et al. , 2017) ., FEE N TR GE (Artificial Intelligence, Al) FiR . KIEFHRAIZER
s

PRI IR B

HHAE, Al SR RB A8 3N A Bk G goBoR 2 i A Tis . R4
JEIC, BFE] 2028 AERFE K E] 8. 9051 /25600, TN B B AR KR4 6. 5%

=
Fact 1 Factors (2022) [+, 2021 4E2BR N L& REFHIE S EE T LN 6. 103 {2
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Rl AT AR FHPL G =7 2T SRS WU 5 9t
PEATRN 5 23 B, T 4t AR B N B
(Suen et al. , 2019; Celiktutan & Gunes, 2017),
AES .25 b 36 I 2 A N A B 8 N ik
A, $RE AR (Hickman et al, 2022;
Kelan, 2023; Black & Van Esch, 2020; Tippins
etal., 2021), MHEdEE (i) KRG, B
F R FSR AT THRAE A 4~ 6 A4S A ik 1
25 T o, BRI 800 A, AL
NN T AE AT T, AT T AR SE i
AE—AEN 2T 10 T3/ B S ), 454
THE 100 J7 985 i B MA (The Guardian
Reported, 2019),
XEHAMF, B TRHCRS WA, 2 7t
NA L 19 A 51 e N A e B R B
(Hough & Oswald, 2000; Ryan & Ployhart, 2014),
HAARRERGE B & (Predictor Constructs)
MYERE . hrt4 & (Criterion Constructs) Y713
Wi, LA KU A & S ROhR M s 2 ) OE &R
( Predictor — criterion Relationships ) ( Sackett &
Lievens, 2008) , —&RIIWF5E & BINFIRE S (N
BR FARARIEE S (AAKS . TERTSE) ARAT
DAY 35 M 300 AE 55 812k (Ryan & Ployhart,
2014) , TIAEINHIRE J1 3 w] LA R0 Tt 25 A |
HHE AR A A 478 (Van 1ddekinge
etal., 2011; Joseph & Newman, 2010) . JtA},
FENATRE S, A SUTE VAN R e PR N B, I
BB I RE AR VA A FE 2L (Rynes, 1993)
DRI, T 7 M8 5 A0 8 5 IO TG 25 ) B 1o 7
AR IR LA K Ay B 10 5% 28 BN A i ) e ¢
SR, TRRE 2 N A B AN 2 220 R IR

(Rynes, 1991), DAFERFSE, —J7ifidk T4 V-0
_2_

1 (Gillilan, 1993) i} 5% ¥ %k T B 1) 45 A F1 ER
T RS AT A0 52 W o 18 N 19 28 P JR T, Y
RIL, N SR 2 i TAEAH M (Smither
etal., 1993) . KM HL 2 (Schleicher et al.
2006) . f#FE (Horvath et al. , 2000) %, I
SN LI 1 TR, S — T, kT
FE (Sanchez et al. , 2000) . 2\ )5 % Fip
(Lind, 2001) . G (Weiner, 1985) . {3
SEE (Spence, 1973) 45, WEFE & BNIE &
ZMEE R AL, FEIE . B FRBHE A 5w
HEEXT LR 5| ) . TR B, R
B T AE o il & R 4E (Lievens et al., 2003;
Oostrom et al. , 2010; Hausknecht et al. , 2004;
Champan et al. , 2005; McCarthy, 2013, 2017),

AT ANA BRI AL FARTENA B e 450
OIS EINTS T DS QUK (32 N I it B WL E TS
L, AL NA B E BRI W E R AR
SRAS, SR A AR SR A RO B B
WA BEIE, BERANAL TR AR B B, S,
KT AA BRI A BNERTE . AL A B e H
VAKX R PG 5 e SRR, AARORS T 3l B
NANGE S N o BT SR E T (Mi-
rowska, 2020) , HIRESI3FE K I T HRE R
RUEAT A . BEJT I PEAL AT LA 2 5 A\ 2K [F] 55
ATIIA v, WA 73 R LR Al 23R
WREARR 2 (Liff et al. , 2024; Zhang et al. |
2023) o HK, KT AA BN e A SN
T BETHARM MO LB, AW i aE
LBFHE AR, s I 525 U
M) b5 e B 2 SR ( Chapman
et al. , 2003, 2005), Al K, w1 FHERE .
T H Bl B R Y 5 A TN R, 3



LA AT RES | A NS H — RSB IS
FT R RRE, AR 2P AR AR A7 e Je
%% (Suen et al. , 2019; Acikgoz et al. , 2020)

ik, ACECNHARTNEE WA,
28 AL NA BRI A RCPEA AT A B R 1Y 1
WS SR P RAZ G, WP BUA AT A A i 16 3C
BREEAT RGUMUE . FLUC, AT Py A 2 X AT
N B (A SR ST AT 20 9, A TR
HVE L A 0T 1N 1S SN B ST AT A B
BT HAT AT A B U T 7S 2t J 5 R R
ARSCHR T T R 1 0 52 B R SR R SR T
FEEEHERL S T 1] o ARSUANUA B THERE AT A
A B SRR, TR BT T Al 7 52 B v
AL ER AT N A Bkt A | ER 5T

=,
598
PO o

=, XBRRESHRIE

(—) AT AA ik

ANTHERE RV A B R e ny I, of
FEAAT s T SEAIL it 5 R A RE AR
fie TAE, H AR @ LS5 > 0 i 8l
FRHRZ MR OC R, A AL R, A
TEAER P (McCarthy, 2004) . A T8 fEix
AB| TAERE A E 20 AT A3k (Automation)
FIAT B3 ( Augmentation) WEFl, A& 48 Al
BRA TR TAEES, FEREE Al 50 T4
VESERL TAEAT4 (Raisch & Krakowski, 2021)
AT ANASIE S Z R 2%, R AL B3 biktT
ANA B 5 PEAL, AL ik, FEE XA, &
A, PRATSE R T A ) FOR R L R TR S R
MITA B, AT TS IR A H2 BE J7 PEAl RN
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R, A0S E R, U A
AT R 5 A A = F2 X Ok
BHOANEE R E Y BN (A8 AT
ORIV a2 S WIN I PN S 2L 7ao )1
YRR PR €/ TR O 157 SUR SN
AR T A E S, AN S RS E
sl Flan, AR A E R SE RO,
AT HOR AT DLBCE Fer N T E 5 L A7 58
INAZH., AU ST 5, JF AL TRk Kt
XF I W R BT VAR AT 28, I AR iU X
W .

(=) SRR

A SCR AR 25 B o SCHRYE L. D XF
JESIT, ASCEET Web of Science i, ik
B UTD-24 | FT-50 DA~ 5 B2 AT FE
E R E PRSI R (U Jowrnal of Organizational
Behavior 28) , D) “Al selection” “ Artificial intel-

ligence selection” “Al interview” “Artificial intel-
ligence interview” “Digital interview” “Automated
interview”  “ Asynchronous video interview” Al

hiring™ 25 SR, 0F 3 F A B A 7 12 SO gk
bl Rk R, — IR R B
29 o QFFXFH SO T, 3T R [ 0 K
PE, LA NTEEET s “ALT il C#ivE, ik
. R, w4, A8 CSSCL M RlEfy
UNCINETERIPS  STIE o L 3 =] B
S XIETE N A R IR, BIBR AT & 1
MSCE (AN e ATEOR | BFSE IR E AN A
GUAF) , FRREIERRE ISR, A E
21 i AT A B (9 SCIHIESCE, Herp 7 G
8 AL NABE R A Rk, 14 RHFIE AL A 8
TN NS S o



EBFALNMRGAA BTG, AR AL 5L LA 4

(=) ikt Bi

CA T I ZH UM 3 B A OKFOT B,
HXF AURIFAENL . OF5E 8 WHSE DT AP AE
S, WISCHEZRRRBRANE 1 7. XA E,
LR AT EA N AREE, E2CHE AL L

AR, AP FEER LA~ . TR
S Rry R [P OPIVA L E N & DTN 1782 N
ENRITEMA RN FRE, #rFE W ITES] Al
AT TR A PP D A SO0 3 B0 B Y
YOS YEAT A, TR (R D).

fita, A A T
4 " B
v 4 = ' - Ak - b
Eo| & 7 . < AT ) . Rl
S o
________________ Al T L L
i

I 4R
JET_%
Y | VR || e A
7 o R I . 21
" ik

E1 Al AAHECSHEHRIESR

XN E S, NEEEZ IS AL
W, 5 AU E AT IS, SR A R
SN, 51k — RIS & 247
NEER . CAVIR FEET A, [F9H
WA AR A A (AL vs. AT
W) BRI (A BRI vso AZEBRH) |
DS XS AT ARG (X AT B B 82 )
S5 QIR 0 O G DA RS SR, T
ML 5| R AR . ATORT 14 R H %
SEUESCHRPEAT TR (3R 2) .

=. Al A\AMERN BRI

B AL T AN A B A 15 2 )0 AL A
AR A RN, BRI AT E AR RS A AR

— 4 —

WAA . BA ALAA B BIAT DT SR A
WA L, EEE NSRRI 1 (RS
Jrik b, RWA R, R AT
YENBLAS 5 2 B s FES L TP R 1, &
SRR T OIOA . A, AR TR AT
FAEFEIR, I T N TROhR AT 23 2 7 T A6
T, feJa i HNZIET 73 ok D B ASE 70 i ) 45 2R
ARG FIAE B S5 SR R B Y . FLrp AR RO B &2
ZRMERG L (convergent validity ) , X 7354
J& (discriminant validity) . {5 (test—re-
test reliability) . ZARFHRRLE  (criterion—related
validity) ( Biddle Consulting Group, 2018). I
G, FRIIBIFTE LA IRR T AA EAL A 22 P 0]
RO, R A AR R P S A 2
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MRNE R Rl Lie FEEH P 3 AT
AL ST RGR M E B A SRIEF b3 1828 R # 1 TERE ST AR M (5 B2 A, AL
(‘narrative information) (Natural Language ﬂ‘;é { ; g IPEAS X/ A BN AE A, | Campion &5 (2024) | JAP
B A A Processing) PEETEIRS | o TR 0 T B2 5
- X U8 ] Y A 181745 2000 | BIE A B A RIFM R A SUE M EH s
AL S (Ridge Regression Model) EAE | Liff %5 (2024) | JAP
, ErxtohmE MUR S, T MEE »
B R 22 ) 2 710 >y A R L Koutsoumpis 2%
sty | SREEER L ks T e | CHB
) ) T | T ARSI
A sppmaanbon | O T e et b
P - t(“]“ ”4;4 - I e I U Meritt % (2024) | 1JSA
i " i WA =
RoBERTa 6000 N ESE | RN EEE AR S TEI, R RLA
A (Robustly Optimized RO | %5 AJSHT 4 [ 4 09 ME W BE 55 7T | Koenig %8 (2023) | PP
BERT Approach) %5 TR AT SR
2 1.
B B ( Gaussian ;;;( e
BTG R Process Regression) , R 2. BRI AR 2 I R, SR Zhang 55 (2023) PP
WA 22 57 SZHFA AL (Support . T 3 G AR O 55 g
. 2501 MY
Vector Machine) 4§ s
T AL
. PR M (Elastic net | 1073 AN | M B FRIE, SRA®EKE S ]
¥ Hickman % (2022) | JAP
AR Regression) 4 WRWE |Gk, Ay | o (202

1. JAP—Journal of Applied Psychology, CHB—Computer in Human Behavior, 1JSA—International Journal of Selection and Assessment

PP—Personnel Psychology

R2 Al AXBETHRBEE R

E 7“':& =} =) S L 1 N NI
ﬁjf 25 Rt HAER | TSR R i K| W
EN
HF ALY AVI — RuMi 77 B
(Asynchronous Video o AT ﬁ@;qu: NIEIl (uncanny valley theory) | Suen 4§ CHB
Interview) | &E;l"jt ’ TG A2 S B (2023)
JG Al 1) AVI (social interface theory)
N e N N E5 s Folger 4
ERWRTRE | Q5. ARAT | — [ECIP e o JBP
it ('signal theory) (2022)
1A
A WA G
SVI, AVI, . . Kol 40 2R ) o i (media richness theory) , |Suen Fil Hung CHB
HF AL AVI N A A (2019)
('social interface theory)
Wi LA Langer %
HAITA Mot B s, B aoger 5|
A sh ki A (2019)
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A2 b ] s S i N 3
e A HA A b LLRER S PR g R LURGl
ES
BV N
BILDLR . NP funi ey HEVBS] T (or anization:l Qostrom 5 Joopr
‘ AR o (2024)
justice theory)
(R Koch-
SEHEAE . AR A et ZEUEIP) o Bayram % | 1ISA
(signal theory)
(2023)
AL Jodfe NS (organizational
et ; N . . justice theory, HFRHE | Gonzalez %
NP — Al KR HYTESr B3 ( self—determinati (2022) CHB
[ﬁji{ﬁ SELAY 2T sell—determination
s IR theory)
Wesche
ARG e
AT Jeof . Aspedf — — A :;\‘i%?rl_ljj X — Sonderegger | CHB
B
i (2021)
s HSLIN EReELN Mirowsk
PSSP S — - SRR (5 e sk |
$5Z offer 711 (signal theory) (2020)
HLW . HANT IS
iy % e FUN /NS O 2 e A jffljj il L\.:F#Elb Acikgoz %5
ALPUR . ANZRPUR ST AT CERE I EREA LTI (organizational (2020) 1JSA
o VR Justice theory)
BoREZ A Y .
Xf AL AT (unified Figueroa—
X X AL [ 38 f8 8 — HAFT e Armijos 3 JBE
Rz theory of acceptance and (2022)
use of technology)
A 40 N\ SEJH S
o P . LGP (HVT\A,:FIE‘“S . Koechling &
ﬁgfﬁ Al FI’Ma JSNIi AN A EF‘ NN N BE SR Y (orgamzatlonal Justice Weh 1ISA
R AL | B T [theory, MRS | 0
- (media richness theory) i
FoAly
N-ZH L IR 1e De Mot
e Motta
X AL FHIE) , (P-O0 fit theory)
Wk . AR _ 220 ) Veiga & JBE
T (epeR AR HEA 51 ) KE2 B B elga%f:
Lo . (2023)
(social identity theory)
N IS
JHEE Langer %
lft{/n\ e B RAARE | — U GIb Y arzl(g);rlff 1SA
S TR (2021)

¥ : CHB—Computer in Human Behavior, JBP—Journal of Business and Psychology, 1JSA—International Journal of Selection and Assessment ,

JOOP— Journal of Occupational and Organizational Psychology, JPP—Journal of Personnel psychology, JBE—Journal of Business Ethics

(—) T A% ( Barrick & Mount, 1991; Judge & Zapata,
NAEREB 0 TAEG EEN R Z — 2015) , 2 R TR X SRR A 2 ) T
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(Barrick & Mount, 1991), — B & A A %% &
SVPAG I N2 o A% G NS R BT A0 K T A 1 DF
AAEAE SR FH N I 5 8 e 4 o5 A 0 BRI 5 =X
FOJR BRPEAE T 0 vk e 5 N 25 1 O . AN E
VEESATH, A R E 8% (Campbell &
Fiske, 1959; Oswald, 2020 ), Hickman 2%
(2022) HeT 1073 MRS E S . JE
BE . BTG SRR, KRR 2 b )3 47
BRI R T A o BETE R B, A EL SR 0 3
B R VIR A, SR S8 =
WE NP IR FE R B ) R G 8 X
YRR MG L, EUH, Koutsoumpis
S5 (2024) SR B2 M 2% ( Convolutional
Neural Network ) . BERT ( Bidirectional Encoder
Representations from Transformers) 7% 710 4~
EHEE Y EAR . AR, SCAS G 80 MAFAEFEA TR
RIS S M FUR S0, R BIE T4 =
TS Ty N R S0 o0 B (Hh i RS 53
THIR = 0.32) MR E S TR AR
HINAM TR SE S m RSS2 R =
0.12),

(=) FRDNVERT: Jy B i i 3 BL

JHEAT: 3 S 2H 2R el A S5 b AR A 4 2L
i) KSAO ( Knowledge, Skill, Abilities, Oth-
ers) ARG, 5LHZLH bn g 52 30 5K 9% Gk
(Campion et al., 2011; Carroll & McCrackin,
1998; Kessler, 2006; Kochanski, 1997 ), Liff
S (2024) KT 181745 FRMM A SCA, R
ANIFE RIS 15 A CHEREAT I (3 1 fE
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J1. VEAE T R AR UL RE ). A BA S 1) S )
PEATERMLIN , DASH =7 N LAT 43 W Aahs, 4
SLYE B 04[] 5 5 ( Ridge Regression Model )
PRAG AT B R A SO (r ¥E =
0.66) . X/r&kfE (r ¥{H=0.58) . HM{FEE
(r #9{ =0.72), Koenig % (2023) % Ro-
BERTa ( Robustly Optimized BERT Pretraining
Approach) X 11000 ™ F 52 )i 5 % 1) TF j A 1]
RAIE SCASEAT 44T, LA 260 437 &5 85 F 40 1E Ky
b, KICRFSEETE AR AT LA 5K
FTo3 TR A5 i WO SIORRE | S5h R IR AR, A B 4%
IR WAEA2E 5. FEREAR TN R B 5 1, Kout-
soumpis 55 (2024) KB, FHIEFUZ R 45 A
BERT KRS X HNAR IS THON, He s
SRR 22 S AR R AL TR T A A
A0} i

(=) MEREIKE S

A3 — PTG A 0P 5 A P 1 T Al
RIS, AT TEAS S 00 A5 R0 A SR Al - B IR
BRI RER 22 5 (e FhiE) 2
A B GO GV 19 T 28 (Pyburn et al.
2008) , — g 2 HINLAR 27 T BOR il 7R
RS R, B BRI -1 . Zhang 45
(2023) R FHELER 2 5% (Faimess—a-
ware ML Algorithms)©, %} [, 37 3 [f] {11 4 A [
RN i Y 2 R = O N k1
AR AV 5000 17 o 6 B85 T o B R AE ( Oversam-
pling) @ {175 ] ATE — & BB L4 P-4,

@ NG (Faimess—aware ML Algorithms) SRS 7RIS op I SZ AR AL CANFIIE . PESISE) , E 7 Tt
BT A 41 35 S ARAP AR I — FRRFIR A BILAS 22 > B3, B0 SH BRI i P A9 A A F#E (Vapnik & Vashist, 2009; Zhang et al. |

2023) .

@ L PERAE (Oversampling) it — i id FRAE MM LR RZEHIA R HAR (Chawla et al. , 2002)
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(EL I BTN S8 BEAf OR B 1) 520 o S LA, M-
mitt 55 (2024) SRFHLAR T FORX] 4947 R H
SRS E AT (SCAS . F I, IR
AT, RERETIr M RESN (Agentic, HN3E
) JLRE2E (Communal, ISRA) 4%, 4553
T BRI TG W AR AN TR B 3 F90000 A F) 4 1) AS -
SEMNE, LR AT th B R P 22 57
BV 55 PA 1E \ F) RE B 288 0 B 2 v Tk, T
FERIEFT /P AR S o SR, Campion 55 (2024)
RBAERE I DR VRS B 250, K BURTE
FEAANLAR A S HEAT BT, A BT R

R A2 5.
M. Al AAEE TRINMEE RN

A AT A BT A R S 0 T 2 T
PP PHEIRTE AT A B (AL SN S %) A
A B B DRI 2 - R 2, LR 2
THAE T S R IE N W X H SR T R T, i
A —BEFTE HE T AR S R e SRR TR e
AN S RN, BRI FEAESR NI 2 7R o

—

7

ALAA B R R L
T T R ! S !
: o ALTBIE : '
. NN - . I

’ Algj{ﬁ/w[ - AT wak | : QEQ”HZ%UJ
e BL ) Z3 . | ® ZHZA
w1 CHBAT || IR

DL ETAUGAVIRR |} || gy o« KHAF ] D e dBuE R

: ~ e o QB | :

| R - AR | E o

H o ATHIR ! :—>: AL

Ple AL AL | : Do i

' s i o FEFZoffer ] | 1
| ' V| e R

! o R | e iR

: It e S| :

E o (5 E o FaFAFHTL E s

o XFATHYIASN R

B2 Al AATUETRESE R C A RIESR

() JE T2 PR R 5T 2 P& i BL

O F—ER NG T WIS S P 2
WEsEesm, PR A Gilliland (1993) KEZH L0 2
oGl beiR (EEL RS (iRv N O i S TR A/AS S s
(NI /AS I 5 /A S AL S N (WA B PO
SRR CNRA 2 45 R I R A P48

(AL DR I BT i TR P 8 28 ke 7
— 8 —

IR MABAFF A PR R Z —, a4
A HLLs 52 M P A8 S A #2 (Gilliland,
1993; Cohen, 1987; Folger & Greenberg, 1985)
NA B v T BRI AR T A R R E R
FPRHIE . B SR I AT A R . NBR A P45
(Gilliland, 1993; Greenberg, 1990), LIfEK
MIREFE R, I 7 T e AR b R T A S



S B Y AR Y A s 2 R 51 ) (Truxillo
et al. , 2004; Bertolino & Steiner, 2007; Kon-
radt et al. , 2013; Schleicher et al. , 2006). B
AT AV BOISTRIT AT O NI SO Y 5%
MABFY, A TE U 2 R R e SR P 2 i A
FHIRMSE .

1. @iXHA (Al @K vs. AE@K) sF
B 64 B vl

Gilliland (1993) 48 A EHER T . A
JIGRRBR . BRI Sl 52 e o 18 5 0 A e
- K g3 Be AR B W, Langer 55 (2019) BF5E
KW, AR E O, A3
P E b A U R, 3 Sl T
R, e B2 N BRAE HEOR A iR, REAR
o7 L T AL 2 A7 AR A IR, R I P A 21 21
Wl Jyo U, Folger 55 (2022) & ¥ ik
AR AR BE 5 B B B 3 ) E R
A RE Y I R TE T BE A B AR B g,
EpR TS EI PN RIS I il DO 5 % N OE (RN
W2, MRYLHSURRE T AT T it P 5 f
PERE AT RN, R FRAR AT 1 12X 8 14 71 A B0
( Koechling & Wehner, 2023; Langer et al.
2021) o FE—IUITSETHSFALE AR A A B IE R BF
FEH ORI, THIRHLAE R B AR 5 0 18 2 7 AR
FR SR, T A 2 A F B (Bauer
et al. , 20006) ,

2. EmiXAER (HkkF vs. ARERE) &
T B dm % o

SRR BT8R 73 A . ALas 2% S BORAE
48— VOE LN AT A sh ik o R 25 ki
th (Mirowska, 2020), 514 A\ HETAIR KA
TEABI X . A 20 BF9E & BUAR He N2k
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S, BRI R T RO B L, AR AR
(3R B 7% B ( Mirowska, 2020; Wesche & Son-
deregger et al., 2021) ., ZH 41 5] J; (Koch -
Bayram et al. , 2023; Acikgoz et al. , 2020) A
TAE#3Z2FE (Oostrom et al. , 2024) . HR452H 41
YNSSLTTIF 3 2 N N = s A L
PRI BN R, SR A R A
ME R (Gilliland, 1993), BMWMF, &
TRURAME T HLER 2= T HOR, BB K g
A Sh LR it A2, WRLLAR B i A . il 52
Mg . A A S AT . R
SEVE YK M B A RFAE (Adadi & Berrada,
2018) , 3k — ¢k 717 e Ny B T AR Y B o I
Hb, MNHEEE LSRR, i TR X AL
M T A R, RISk D S P-4, o B
MR 1) 2R FH i3 =X S A ke 0 W vk e SR 1
RE, INHREREANKES (Johnson & Verdic-
chio, 2017), 17 X 53095 e 5 7 A T A B o
Gonzalez % (2022) KB, Al PR R Al
TR AR YOG B AR 3, XY N X AL
MR RERI IS, SO I

() RE A LR B AL 2V P i B

fR 5Bt (Spence, 1973) 45 kA 2
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Abstract: With the iterative development of machine learning technology and the emergence of large language models, the
core features of Al-based personnel selection have gradually overturned traditional talent selection, bringing new opportunities and
challenges to the academic and practical fields. The emergence of Al interview has already disrupted the characteristics of traditional
human interview, with interviewer, interview decision, and the interview process being replaced by Al In recent years, the aca-
demic community has conducted preliminary explorations around the validity of Al-based personnel selection and applicant reac-
tions. This article expands on that framework by critically analyzing existing literature and proposing avenues for subsequent re-
search.

We systematically reviewed and analyzed 21 key Al selection literature from the perspectives of organizations and applicants,
focusing on the two core issues in personnel selection field; the validity of Al-based personnel selection and applicant reactions un-
der Al personnel selection. And, we summarized the thematic content, research design, research findings, and limitations of ex-
isting research.

Overall, research on the validity of Al-based personnel selection has primarily viewed Al as a technological application. It has
examined the construct validity and subgroup differences of Al technology in evaluating personality and competence. The research
findings indicate that Al-based personnel selection shows good convergent validity, discrimination validity, and test-retest relia-
bility. However, the impact on subgroup differences remains controversial. Studies on applicant reactions have focused on the influ-
ence of Al-based personnel selection on organizational attractiveness and interview performance, drawing from fairness theory and
signaling theory. The results reveal that applicants tend to have a somewhat negative response to Al-based personnel selection com-
pared to traditional human interviews.

Considering the current research status and limitations in the field of Al talent selection, we propose a theoretical framework
for future research and put forward five future research directions. Systematically analyzing current research on Al-based personnel
selection, this article not only contributes to the advancement of knowledge in the domain of Al-based talent selection, but also
offers valuable practical advice and perspectives for organizations integrating Al into their recruitment processes.

Key Words: Artificial Intelligence; Personnel Selection; Interview; Human Resource Management
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